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Abstract
Beta-	diversity,	or	the	spatio-	temporal	variation	in	community	composition,	can	be	par-
titioned	into	turnover	and	nestedness	components	in	a	multidimensional	framework.	
Forest	structure,	 including	comprehensive	characteristics	of	vertical	and	horizontal	
complexity,	strongly	affects	species	composition	and	 its	spatial	variation.	However,	
the	 effects	 of	 forest	 structure	 on	 beta-	diversity	 patterns	 in	multidimensional	 and	
multiple-	scale	contexts	are	poorly	understood.	Here,	we	assessed	beta-	diversity	at	
local	(a	20-	ha	forest	dynamics	plot)	and	regional	(a	plot	network	composed	of	19	1-	ha	
plots)	scales	in	a	Chinese	subtropical	evergreen	broad-	leaved	forest.	We	then	evalu-
ated	the	relative	importance	of	forest	structure,	topography,	and	spatial	structure	on	
beta-	diversity	and	its	turnover	and	nestedness	components	in	taxonomic,	functional,	
and	phylogenetic	dimensions	at	 local	 and	 regional	 scales.	We	derived	 forest	 struc-
tural	parameters	from	both	unmanned	aerial	vehicle	light	detection	and	ranging	(UAV	
LiDAR)	 data	 and	 plot	 inventory	 data.	 Turnover	 component	 dominated	 total	 beta-	
diversity	for	all	dimensions	at	the	two	scales.	With	the	exception	of	some	components	
(taxonomic	and	functional	turnover	at	the	local	scale;	functional	nestedness	at	the	re-
gional	scale),	environmental	factors	(i.e.,	topography	and	forest	structure)	contributed	
more	than	pure	spatial	variation.	Explanations	of	forest	structure	for	beta-	diversity	
and	its	component	patterns	at	the	local	scale	were	higher	than	those	at	the	regional	
scale.	The	joint	effects	of	spatial	structure	and	forest	structure	influenced	component	
patterns	in	all	dimensions	(except	for	functional	turnover)	to	some	extent	at	the	local	
scale,	while	pure	forest	structure	influenced	taxonomic	and	phylogenetic	nestedness	
patterns	to	some	extent	at	the	regional	scale.	Our	results	highlight	the	 importance	
and	scale	dependence	of	forest	structure	in	shaping	multidimensional	beta-	diversity	
and	its	component	patterns.	Clearly,	further	studies	need	to	link	forest	structure	di-
rectly	to	ecological	processes	(e.g.,	asymmetric	light	competition	and	disturbance	dy-
namics)	and	explore	its	roles	in	biodiversity	maintenance.
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1  |  INTRODUC TION

Studying	the	mechanisms	underlying	community	structure	is	a	crucial	
research	area	 in	ecology.	Beta-	diversity,	commonly	described	as	 the	
variation	in	the	identities	and/or	abundances	of	species	across	sample	
units,	serves	as	a	bridge	between	local	diversity	(i.e.,	alpha-	diversity)	
and	 the	 regional	 species	 pool	 (i.e.,	 gamma-	diversity;	 Anderson	
et al., 2011;	Whittaker,	1960).	Previous	studies	examining	the	multiple-	
scale	processes	that	drive	beta-	diversity	patterns	have	provided	con-
siderable	insights	into	biodiversity	maintenance	(Chase	&	Myers,	2011; 
Condit et al., 2002).	However,	ongoing	debates	revolve	around	the	rel-
ative	contributions	of	factors	influencing	beta-	diversity	patterns	and	
its	scale	effects	(Myers	et	al.,	2013;	Tuomisto	et	al.,	2003).

Dissimilarity	 in	 community	 composition	 between	 two	 sites	 (i.e.,	
pairwise	 dissimilarity)	 is	 frequently	 used	 to	 measure	 beta-	diversity	
and	consists	of	two	complementary	processes:	species	turnover	com-
ponent	 (also	 called	 species	 replacement)	 and	nestedness	 component	
(Baselga,	2010, 2013; Legendre, 2014).	The	species	turnover	compo-
nent	involves	an	exchange	of	species	identities	or	relative	abundances	
among	communities	and	may	be	caused	by	species	gain	or	loss	as	a	re-
sult	of	competition,	environmental	filtering,	and	historical	factors	(Leg-
endre, 2014; Leprieur et al., 2011;	Svenning	et	al.,	2011).	Conversely,	
the	nestedness	component	represents	the	degree	to	which	the	species	
composition	of	one	community	is	a	subset	of	the	other	community	and	
may	develop	from	habitat	 filtering	across	environmental	gradients	or	
selective	colonization	(or	extinction)	under	historical	constraints	(Greve	
et al., 2005; Ulrich et al., 2009).	Although	the	two	complementary	com-
ponents	contribute	jointly	to	total	beta-	diversity,	their	relative	contri-
bution	is	determined	by	a	variety	of	processes	that	affect	community	
structure (Gianuca et al., 2017; Zhao et al., 2021).	Additionally,	multiple	
ecological	factors	that	drive	the	patterns	of	overall	beta-	diversity	and	its	
turnover	and	nestedness	components,	as	well	as	the	relative	influence	
of	these	processes,	vary	spatially	(Antão	et	al.,	2019;	Wang	et	al.,	2018).	
Therefore,	evaluating	its	opposing	components	and	relating	such	pat-
terns	to	multiple-	scale	ecological	processes,	 in	beta-	diversity	studies,	
offer	critical	 insights	 into	 the	mechanisms	underlying	observed	com-
munity	dissimilarities.	Recently,	several	approaches	to	partitioning	com-
munity	dissimilarity	have	been	proposed	(Baselga,	2010, 2013; Podani 
&	Schmera,	2011),	 and	Baselga's	additive	partitioning	 framework	has	
become	commonly	recognized	by	community	ecologists.

Traditional	 beta-	diversity	 studies	 have	 mainly	 been	 based	 on	
differences	 in	 taxonomic	composition	among	communities	while	 ig-
noring	ecological	differences	(e.g.,	evolutionary	and	functional	differ-
ences)	among	species	(Cadotte	et	al.,	2019;	Swenson,	2013).	However,	
beta-	diversity	 dimensions	 that	 account	 for	 species	 functional	 traits	

and	 species	 relatedness	 by	 calculating	 functional	 and	 phylogenetic	
distance	 among	 sites	 may	 show	 different	 patterns	 than	 taxonomic	
beta-	diversity.	For	instance,	the	presence	of	many	closely	related	spe-
cies	or	 functionally	 similar	 species	among	communities	may	 lead	 to	
high	species	turnover	in	the	taxonomic	dimension	but	low	turnover	in	
the	functional	or	phylogenetic	dimension.	Considering	the	complexi-
ties	and	inconsistency	of	beta-	diversity	patterns,	it	is	vital	to	integrate	
taxonomic,	 functional,	 and	 phylogenetic	 information	 about	 species	
in	 given	 communities	 (Gianuca	 et	 al.,	 2018; Mugnai et al., 2022).	
Moreover,	Baselga's	additive	partitioning	 framework	also	allows	the	
decomposition	of	phylogenetic	and	functional	beta-	diversity	 indices	
into	turnover	and	nestedness	components	when	they	are	estimated	
by	using	branch	lengths	and	convex	hull	volume	(Leprieur	et	al.,	2012; 
Villéger	et	al.,	2013).	This	allows	for	a	systematic	comparison	of	mul-
tifaceted	beta-	diversity	and	provides	a	more	thorough	view	of	com-
munity	 assembly	 and	 diversity	 maintenance	 determinants	 across	
ecological	gradients	and	evolutionary	histories.

Forests	are	undoubtedly	one	of	 the	most	 important	 terrestrial	
ecosystems	 and	 contribute	 significantly	 to	 climate	 regulation.	 The	
vertical	 architecture	 of	 their	 constituent	 species	 is	 the	 most	 dis-
tinctive	feature	of	forests.	This	unique	feature	expands	niche	space	
vertically	and	enables	3-	D	habitat	structure,	providing	essential	hab-
itat	elements	and	diverse	 food	resources	 for	specific	species	 (e.g.,	
vertebrates,	invertebrates,	and	epiphytes;	Fordyce	&	DeVries,	2016; 
Nakamura	et	al.,	2017).	Additionally,	3-	D	habitat	structure	alters	mi-
croclimatic	conditions,	affecting	fine-	scale	variation	and	distribution	
of	light	quality	and	quantity,	air	humidity,	and	temperature	(Onoda	
et al., 2014).	Consequently,	complex	interaction	effects	of	these	mi-
crohabitat	 variations	 lead	 to	 changed	 resource	 heterogeneity	 and	
availability	 for	 trees	 (e.g.,	water,	nutrients,	 light),	potentially	giving	
benefits	to	specific	species	that	differ	 in	their	resource	adaptation	
abilities,	forming	a	complex	forest	structure.

Forest	 structure,	 including	comprehensive	characteristics	of	ver-
tical	 (e.g.,	mean	 canopy	 height)	 and	 horizontal	 aspects	 (e.g.,	 canopy	
cover),	 strongly	 affects	 forest	 biomass	 and	 productivity	 (Ali,	 2019; 
Aponte	et	al.,	2020),	and	multidimensional	diversity	(Chu	et	al.,	2019; 
Thom	et	al.,	2021; Zellweger et al., 2017).	As	an	example,	by	evalu-
ating	 impacts	related	to	multiple	environmental	covariates,	 including	
forest	structure	and	climate,	on	functional	diversity,	Thom	et	al.	(2021)	
found	that	forest	structure	rather	than	climate	conditions	primarily	de-
termines	tree	species	functional	diversity	distribution	in	northeastern	
North	America.	However,	most	studies	exploring	the	mechanisms	driv-
ing	beta-	diversity	patterns	in	the	context	of	neutral	and	niche	theories	
have	 primarily	 focused	 on	 climate,	 local	 environmental	 conditions,	
and	spatial	structure	(e.g.,	Myers	et	al.,	2013;	Wang	et	al.,	2018),	but	
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rarely	considering	forest	structure	with	substantial	ecological	mean-
ings.	Moreover,	how	 forest	 structure	affects	beta-	diversity	patterns	
in	multidimensional	and	multiscale	contexts	is	poorly	studied	(but	see,	
Nascimbene	et	al.,	2013; Zellweger et al., 2017).

In	this	study,	we	aim	to	disentangle	the	effects	of	forest	structure,	
topography,	 and	 spatial	 structure	on	multidimensional	beta-	diversity	
(i.e.,	 taxonomic,	 functional,	 and	 phylogenetic)	 and	 its	 turnover	 and	
nestedness	components	at	local	and	regional	scales	in	a	Chinese	sub-
tropical	evergreen	broad-	leaved	forest.	Our	analysis	intends	to	unravel	
the	ecological	drivers	(especially	forest	structure)	underpinning	beta-	
diversity	patterns.	In	practice,	we	utilized	datasets	collected	from	in-
ventory	plots	and	UAV	LiDAR	technology	to	quantify	forest	structure	
across	 two	 scales.	 Specifically,	 at	 each	dimension	 across	 two	 scales,	
we	examined	(a)	the	relative	contribution	of	turnover	and	nestedness	
components	 to	 total	 beta-	diversity	patterns;	 (b)	 the	power	of	 forest	
structure	 to	 explain	 beta-	diversity	 and	 its	 component	 patterns;	 and	
(c)	the	relative	importance	of	forest	structure,	topography,	and	spatial	
structure	in	determining	patterns	of	beta-	diversity	and	its	components.

2  |  MATERIAL S AND METHODS

2.1  |  Study area

We	carried	out	this	study	in	the	Xujiaba	area	located	in	the	Ailaoshan	
National	Nature	Reserve,	Yunnan,	southwest	China.	As	recorded	by	
a	weather	 station,	 in	 this	 area,	 the	 average	 annual	 temperature	 is	

11.3°C	 and	 the	 average	 annual	 precipitation	 is	 1778 mm.	Here,	 at	
local	and	regional	scales,	we	established	two	subtropical	forest	bio-
diversity	observation	platforms.

At	 the	 local	 scale,	 following	 the	 Centre	 for	 Tropical	 Forest	
Science	 measurement	 protocols	 (Condit,	 1998),	 the	 Ailaoshan	
20-	ha	 forest	 dynamics	 plot	 (FDP)	 was	 established	 in	 2014.	 
Specifically,	 all	 free-	standing	 woody	 plant	 stems	 ≥1 cm	 DBH	
(diameter	 at	 breast	 height)	 were	 mapped,	 tagged,	 identified	 
to	 species,	 and	 measured.	 The	 geographic	 position	 of	 the	 plot	 
origin is 24°32′20″ N, 101°01′35″	 E,	 and	 it	 is	 a	 500 × 400 m	 
quadrat	(Figure 1).	The	plot	location	is	rugged,	as	elevation	varies	
from	2472	to	2628 m	above	sea	level,	and	it	has	three	ravines	and	
three ridges.

At	the	regional	scale,	19	1-	ha	forest	dynamics	plots	were	estab-
lished	in	northern	Ailaoshan,	forming	a	1-	ha	plot	network	(Figure 1).	
All	 trees	≥10 cm	DBH	were	mapped,	 tagged,	 identified	 to	 species,	
and	measured	across	all	plots.

At	both	scales,	the	vegetation	type	across	all	plots	 is	classified	
as	subtropical	mid-	mountain	moist	evergreen	broad-	leaved	forests.	
Thus,	both	have	the	same	floral	composition	and	are	dominated	by	
subtropical	species,	such	as	Lithocarpus hancei	(Fagaceae),	Lithocar-
pus xylocarpus	(Fagaceae),	Schima noronhae	(Theaceae),	and	Machilus 
bombycina	 (Lauraceae).	 For	meaningful	 comparisons	with	 the	1-	ha	
plot	 network,	we	 divided	 the	Ailaoshan	 FDP	 into	 20,	 100 × 100 m	
subplots	and	selected	only	trees	≥10 cm	DBH	(Figure 1).	Therefore,	
73 and 81 species were considered at local and regional scales, 
respectively.

F I G U R E  1 Map	of	the	study	area	showing	plot	locations	at	local	and	regional	scales	in	north	Ailaoshan,	China.	At	the	regional	scale,	we	
established	19	1-	ha	plots,	forming	a	1-	ha	plot	network.	For	meaningful	comparisons	with	the	1-	ha	plot	network,	we	divided	the	20-	ha	forest	
dynamics	plot	at	the	local	scale	into	20,	100 × 100 m	subplots.
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2.2  |  Functional traits and phylogenetic tree

We	measured	functional	 traits	 for	each	selected	species	across	all	
plots	 in	 March	 2021	 and	 estimated	 a	 mean	 value	 at	 the	 species	
level	 for	 11	 key	 functional	 traits:	 leaf	 thickness	 (LT,	 cm),	 leaf	 area	
(LA,	cm2),	 leaf	dry	matter	content	 (LDMC,	g	g−1),	specific	 leaf	area	
(SLA,	cm2 g−1),	 leaf	chlorophyll	 content	 (LCC,	SPAD	value),	 leaf	ni-
trogen	content	 (leaf	N,	g	kg−1),	 leaf	carbon	content	 (leaf	C,	g	kg−1),	
leaf	potassium	content	(leaf	K,	g	kg−1),	leaf	phosphorus	content	(leaf	
P, g kg−1),	tree	maximum	height	(MaxH,	m),	and	wood	density	(WD,	
g	 cm−3).	 These	 functional	 traits,	which	 are	 commonly	 used	 in	 for-
est	community	functional	diversity	analyses,	represent	tree	species	
performance	linked	to	species	interactions,	resource	use	efficiency,	
nutrient	cycling,	and	 life	history	strategies	 (Benavides	et	al.,	2019; 
Kraft	 et	 al.,	2008; Yang et al., 2015).	 Here,	 we	 selected	 three	 to	
six	individuals	for	each	species.	Three	healthy,	mature	leaves	were	
randomly	collected	from	the	outer	canopy	for	each	individual.	The	
LT	was	measured	using	a	vernier	caliper,	with	measurements	taken	
from	the	top,	middle,	and	bottom	of	the	leaf	and	averaged.	The	LCC	
was	measured	as	the	mean	value	of	the	readings	at	three	positions	
(i.e.,	top,	middle,	and	bottom)	of	a	leaf	using	a	SPAD-	502	chlorophyll	
meter	(Konica	Minolta).	Fresh	mass	was	measured	using	an	analyti-
cal	balance.	Dry	mass	was	measured	after	oven	drying	the	samples	
at	70°C	for	72 h.	Each	leaf	was	scanned	to	measure	LA	using	the	R	
package	“LeafArea”	(Katabuchi,	2015).	LDMC	was	the	dry	mass	of	a	
leaf	divided	by	its	fresh	mass	and	SLA	was	the	LA	divided	by	the	dry	
mass.	Leaf	carbon	(C)	and	nitrogen	(N)	contents	were	measured	with	
a	Dumas-	type	combustion	C-	N	elemental	analyzer	(Vario	MAX	CN,	
Elementar	 Analysensysteme	GmbH).	 Leaf	 phosphorus	 (P)	 and	 po-
tassium	(K)	contents	were	determined	with	an	inductively	coupled	
plasma	 atomic-	emission	 spectrometer	 (iCAP6300,	 Thermo	 Fisher	
Scientific).	Wood	samples	were	 taken	 from	 large	branches	using	a	
tree	borer,	and	wood	density	was	measured	by	water	displacement	
method.	The	MaxH	was	extracted	from	the	Flora	of	China	database	
(http://www.iplant.cn/frps).	 The	 raw	 trait	 data	 were	 transformed	
into	a	Euclidean	distance	matrix	after	being	standardized	with	zero	
mean	and	unit	standard	deviation.	Then,	we	applied	principal	coordi-
nate	analysis	(PCoA)	to	reduce	the	dimensionality	of	the	original	trait	
Euclidean	distance	matrix	and	obtain	orthogonal	trait	axes.	Finally,	
the	first	four	PCoA	axes	were	used	in	the	functional	beta-	diversity	
calculations,	and	they	explained	74.82%	and	74.69%	of	all	functional	
variability	at	local	and	regional	scales,	respectively	(See	in	Table	A1).

We	constructed	a	community	phylogeny	for	selected	species	at	
local	and	regional	scales	using	chloroplast	genome	sequences.	We	
extracted	 the	coding	 sequences	using	Phylosuite	 software	 (Zhang	
et al., 2020).	To	avoid	unreliable	alignment,	high-	sequence	variabil-
ity	of	 infA, ycf1, and ycf2	was	excluded	from	phylogenetic	analysis.	
We	aligned	the	resulting	76	genes	with	MAFFT	v7	software	(Katoh	
&	Standley,	2013),	and	some	poorly	aligned	regions	were	adjusted	
manually	in	Geneious	v11.0.2	software	(Ripma	et	al.,	2014)	and	then	
concatenated	into	a	supermatrix	with	a	final	alignment	of	60,236 bp.	
We	constructed	a	maximum	likelihood	tree	under	the	GTRGAMMA	
model	using	 the	RAxML	v8.2.12	software	 (Stamatakis,	2014).	The	

only	 two	 gymnosperm	 species,	 Pinus armandii and Pinus kesiya, 
were	the	outgroups	in	rooted	trees	with	1000	bootstrap	replicates	
to	evaluate	nodal	support.	Penalized	likelihood	dating	analysis	was	
performed	in	TreePL	software	(Smith	&	O'Meara,	2012)	using	1000	
bootstrap	 replicates.	 Four	 calibration	 points	 were	 selected	 from	
published	data	(Lu	et	al.,	2018).	Finally,	we	summarized	the	age	sta-
tistics	for	all	nodes	using	the	TreeAnnotator	module	of	BEAST	2.5	
software	(Bouckaert	et	al.,	2019).

2.3  |  Topography, forest structure, and 
spatial structure

UAV	 LiDAR	 data	 of	 the	 study	 plots	were	 collected	 from	October	
2018	 to	 February	 2019	 using	 a	 Velodyne	 LiDAR	 PUCK-	16	 laser	
scanner.	The	flight	height	was	set	at	70 m	above	the	canopy,	and	the	
flight	velocity	was	controlled	at	about	3.6 m s−1.	The	obtained	point	
cloud	data	of	each	plot	were	processed	using	the	following	proce-
dure,	namely	denoising,	filtering,	and	normalization.	Concretely,	the	
denoising	method	was	designed	to	eliminate	outlier	points	from	the	
original	data.	 In	 the	 filtering	step,	we	extracted	 the	ground	points	
using	the	improved	progressive	triangulated	irregular	network	(TIN)	
densification	(IPTD)	filtering	algorithm	(Zhao	et	al.,	2016),	and	then	
produced	a	digital	 terrain	model	 (DTM)	 from	the	classified	ground	
points.	In	the	normalization	step,	the	elevation	of	every	single	point	
location was interpolated using extracted ground points, and then 
the	 raw	 point	 cloud	 height	 was	 subtracted	 from	 the	 interpolated	
point	elevation	at	the	corresponding	location	to	remove	the	effect	of	
topography	on	the	point	clouds.	At	last,	the	normalized	point	cloud	
data	for	each	plot	were	produced.	The	denoising	and	filtering	pro-
cedures	were	completed	using	LiDAR360	software	(GreenValley	In-
ternational	Inc.),	and	the	normalization	step	was	achieved	using	the	
normalize_height	function	in	the	“lidR”	package	(Roussel	et	al.,	2020).

A	 DTM	 with	 10 m	 resolution	 for	 each	 plot	 was	 interpolated	
by	 extracted	 ground	points	 using	 the	 inverse	distance	weighted	
k-	nearest	 neighbor	 algorithm.	 Based	 on	 the	 DTM,	 we	 acquired	
a	 set	 of	 topographic	 variables	 for	 each	 plot	 at	 two	 scales.	 Spe-
cifically,	 topographic	 variables	 in	 each	 DTM	 10 × 10 m	 quadrat	
were	calculated,	and	then	we	took	the	mean	values	of	the	above	
quadrat-	level	topographic	variables	for	estimating	four	plot-	level	
topographic	variables:	mean	elevation;	topographic	position	index	
(TPI),	which	measures	how	curved	the	terrain	 is	 in	relation	to	 its	
surroundings	and	is	either	negative	for	concave	terrain	or	positive	
for	convex	terrain	(Jucker	et	al.,	2018);	topographic	wetness	index	
(TWI),	which	 is	expressed	by	the	ratio	of	each	quadrat's	upslope	
area	to	its	local	slope	and	can	capture	important	aspects	of	wet-
ness	 (Punchi-	Manage	 et	 al.,	 2013);	 solar	 radiation	 aspect	 index,	
which	 quantifies	 the	 amount	 of	 solar	 radiation	 and	 correlates	
with	 slope.	 Additionally,	 we	 calculated	 topographic	 complexity	
(the	 surface-	to-	planimetric	 area	 ratio)	 for	 each	plot.	 In	 total,	we	
obtained	 five	 plot-	level	 topographic	 variables	 and	 synthesized	
environmental	 heterogeneity	 in	 terms	 of	 topography	 for	 each	
plot.	Descriptions	of	these	parameters	are	presented	in	Table	A2. 

 20457758, 2023, 10, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/ece3.10607 by X

ishuangbanna T
ropical B

otanical G
arden, W

iley O
nline L

ibrary on [04/12/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

http://www.iplant.cn/frps


    |  5 of 15YAO et al.

Computations	were	completed	using	the	“raster”	(Hijmans,	2022)	
and	“spatialEco”	 (Evans	&	Murphy,	2021)	packages.	We	used	the	
orthogonal	axes	obtained	by	principal	component	analysis	 (PCA)	
with	the	correlation	matrix	of	the	topographic	variables	to	circum-
vent	the	influence	of	collinearity	among	the	topographic	variables	
on	 the	 analysis	 results.	 Finally,	 we	 selected	 the	 first	 two	 axes,	
which	explained	89.22%	and	78.64%	of	all	 topographic	variation	
at	local	and	regional	scales,	respectively	(See	in	Figure	A1).

A	canopy	height	model	(CHM)	with	1 m	resolution	for	each	plot	
was	derived	by	normalized	point	clouds	using	point-	to-	raster	algo-
rithms.	Based	on	the	normalized	point	clouds	and	CHM,	we	obtained	
a	 suite	 of	 plot-	level	 lidar-	derived	 metrics	 to	 characterize	 forest	
structure,	including	maximum	canopy	height,	median	canopy	height,	
mean	outer	canopy	height	(MOCH),	vertical	distribution	ratio	(VDR),	
height	standard	deviation,	height	skewness,	and	25%	height	quantile.	
In	addition	to	lidar-	derived	metrics,	we	calculated	two	widely	used	
and	ecologically	important	forest	structure	attributes	based	on	plot	
inventory	data:	tree	size	variation	within	a	plot	as	calculated	by	the	
coefficient	of	variation	of	individual	DBH	(DBHcv)	and	stand	basal	
area	(BA,	the	sum	of	stem	basal	area	in	each	plot;	Chu	et	al.,	2019; 
Thom	et	al.,	2021).	In	total,	we	obtained	nine	plot-	level	forest	struc-
tural	 parameters	 to	 summarize	 the	 forest	 structure	 in	 each	 plot.	
Descriptions	of	these	parameters	are	presented	in	Table	A3. CHM 
and	the	lidar-	derived	metrics	were	implemented	using	the	R	package	
“lidR.”	To	simplify	the	following	analyses	and	avoid	collinearity,	these	
metrics	were	integrated	by	PCA	to	obtain	a	comprehensive	variable	
characterizing	forest	structure.	The	first	axis	explains	over	60%	of	
the	total	variation	in	these	metrics	at	local	and	regional	scales	(See	
in	Figure	A2).	Therefore,	we	used	the	two	PC1s	to	represent	forest	
structure	at	two	scales	in	subsequent	analyses.

Spatial	 structure	 plays	 an	 important	 role	 in	 plant	 community	
studies	 and	 is	 commonly	 used	 to	 predict	 diversity	 patterns	 (Dray	
et al., 2012).	To	account	for	spatially	structured	processes,	from	the	
centroid	coordinates	of	each	plot	(i.e.,	x and y),	we	derived	two	sets	of	
spatial	structure	variables	at	two	scales.	The	first	set	was	composed	
of	the	five	terms	of	a	trend	surface	polynomial	(x, y, x2, y2,	xy),	which	
represent linear and curvilinear structures at plot extents across two 
scales.	The	 second	 set	was	 created	employing	 the	distance-	based	
Moran's	eigenvector	maps	method	(dbMEM).	It	decomposes	Euclid-
ean	geographic	distances	between	plots	into	a	group	of	orthogonal	
spatial	 variables	 that	 denote	 the	 spatial	 relationship	 among	 plots	
(Borcard	et	al.,	2004).	The	dbMEM	spatial	structure	variables	were	
acquired	using	the	function	dbmem	in	the	“adespatial”	package	(Dray	
et al., 2022).

2.4  |  Beta- diversity and turnover- nestedness 
decomposition

We	used	Baselga's	 additive	partitioning	 framework	based	on	pair-
wise	 dissimilarity	 to	 decompose	 turnover	 and	 nestedness	 compo-
nents	 from	 multidimensional	 total	 beta-	diversity	 (Baselga,	 2010, 
2013).	 We	 chose	 abundance-	based	 Sørensen	 dissimilarities	 (i.e.,	

percentage	 difference	 dissimilarities)	 as	 index	 of	 total	 taxonomic	
beta-	diversity	(βsor)	and	divided	them	into	species	turnover	(βsim)	and	
nestedness (βsne)	 components.	 In	 analogy	 with	 taxonomic	 dimen-
sion,	 total	 functional	 beta-	diversity	 (βfunsor)	 based	 on	 calculations	
of	convex	hull	volume	in	multidimensional	functional	space	can	be	
partitioned	 into	 functional	 turnover	 (βfunsim)	 and	 functional	 nest-
edness (βfunsne)	 components	 (Villéger	et	al.,	2008, 2013),	 and	 total	
phylogenetic	beta-	diversity	(βphysor)	calculated	using	branch	lengths	
of	phylogenetic	tree	also	allowing	for	turnover-	nestedness	decom-
position	(denoted	by	βphysim and βphysne; Leprieur et al., 2012).	Before	
calculating	 beta-	diversity	 and	 turnover-	nestedness	 decomposition	
at	 two	 scales,	we	 removed	 individuals	with	DBH	greater	 than	 the	
90%	quantile	 of	 all	DBH	 values	 (i.e.,	 individuals	 in	 the	 canopy)	 to	
avoid	using	forest	structure	to	explain	their	compositional	variation.	
Pairwise	dissimilarity	partitioning	approaches	were	performed	using	
the	“betapart”	R	package	(Baselga	et	al.,	2022).

2.5  |  Statistical analyses

Given	 that	 turnover	 and	 nestedness	 combined	 equal	 total	 beta-	
diversity	(i.e.,	dissimilarity),	and	similarity	equals	1—	dissimilarity,	and	
according to Legendre (2014),	we	used	a	triangular	plot	to	display	the	
distribution	of	similarity,	turnover,	and	nestedness	of	beta-	diversity	
for	three	dimensions	at	local	and	regional	scales.	Each	triangle	side	
represents	 one	 of	 the	 components.	 Triangular	 plots	were	 created	
using	 the	R	package	 “ggtern.”	The	 statistical	 comparisons	of	 com-
ponents	 between	 the	 two	 scales	were	 examined	 using	 two-	sided	
Wilcoxon	rank-	sum	test.	We	used	the	relative	proportions	of	turno-
ver	 and	nestedness	 in	 overall	 beta-	diversity	 to	 assess	 the	 relative	
contribution	of	the	two	components.

To	 determine	 the	 extent	 to	 which	 forest	 structure	 explains	
beta-	diversity	and	 its	components,	we	applied	 the	modified	ver-
sion	 of	 distance-	based	 redundancy	 analysis	 (dbRDA;	 McArdle	
&	Anderson,	2001).	 In	 essence,	 dbRDA	as	 a	multifactorial	 linear	
model,	which	 enables	 testing	 the	 direct	 relations	 between	 a	 re-
sponse	matrix	and	a	group	of	explanatory	variables	 (Legendre	&	
Anderson,	1999).	It	performs	best	when	the	response	matrix	has	
the	Euclidean	property,	as	the	principal	coordinates	produced	by	a	
non-	Euclidean	response	matrix	contain	several	negative	eigenval-
ues	and	complex	axes.	When	 these	complex	ordination	axes	are	
ignored,	the	total	sum-	of-	squares	of	the	non-	Euclidean	response	is	
inflated,	thus	impacting	the	explanatory	power	of	the	model	(Leg-
endre, 2014; Moura et al., 2017).	To	avoid	this	problem,	McArdle	
and	Anderson	(2001)	presented	a	method	to	properly	test	the	sig-
nificance	of	the	relation	of	a	non-	Euclidean	response	with	multiple	
explanatory	 variables	 and	 further	 proposed	 corrected	 statistics	
for	dbRDA	when	a	non-	Euclidean	response	is	used.	 In	particular,	
we	used	the	adjusted	R2	derived	from	dbRDA	to	quantify	the	mag-
nitude	of	forest	structure	impacts	on	beta-	diversity	and	its	com-
ponents	in	three	dimensions	at	two	scales.

To	 assess	 the	 relative	 importance	 of	 forest	 structure,	 topog-
raphy,	 and	 spatial	 structure	 in	 explaining	 beta-	diversity	 and	 its	
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6 of 15  |     YAO et al.

components,	 dbRDA	 and	 associated	 variation	 partitioning	 analy-
ses	were	applied	(Peres-	Neto	et	al.,	2006).	In	order	to	select	forest	
structural	parameters,	 topographic	variables,	 and	spatial	 structure	
that	explain	beta-	diversity	and	its	components	significantly,	forward	
selection	procedures	were	carried	out.	Forward	selection	considers	
two	stopping	rules	(Blanchet	et	al.,	2008):	(a)	the	significance	level	α 
(<0.05)	and	(b)	the	adjusted	R2	exceeding	the	adjusted	R2	of	the	full	
model.	After	forward	selection,	variance	partitioning	was	applied	to	
evaluate	the	relative	explanation	of	each	predictor	group,	quantify-
ing	 the	 unique	 and	 joint	 contributions	 (quantified	 by	 the	 adjusted	
R2	derived	from	dbRDA)	of	forest	structure,	topography,	and	spatial	
structure	to	beta-	diversity	and	its	component	patterns.	A	modified	
version	 of	 dbRDA	 was	 accomplished	 with	 the	 dbRDA.D	 function	
from	Legendre	(2014)	while	others	were	completed	with	the	“vegan”	
package (Oksanen et al., 2022).	All	analyses	were	performed	using	R	
version	4.2.0	(R	Core	Team,	2022).

3  |  RESULTS

According	 to	 the	 triangular	 plots,	we	 found	 similar	 distributions	
of	 turnover,	 nestedness,	 and	 similarity	 for	 functional	 and	phylo-
genetic	dimensions	at	local	and	regional	scales	(i.e.,	low	values	of	
turnover	and	nestedness	and	high	values	of	similarity;	Figure 2).	
However,	at	the	local	scale,	there	were	higher	similarity	and	lower	
turnover	 for	 the	 taxonomic	dimension	 than	at	 the	 regional	 scale	
(Wilcoxon	rank-	sum	test:	n = 361,	W = 21,808,	p < .001	and	n = 361,	
W = 9743,	 p < .001	 respectively;	 Figure 2;	 Figure	 A3).	 Addition-
ally,	the	relative	contributions	of	turnover	and	nestedness	of	total	
taxonomic,	 functional,	and	phylogenetic	beta-	diversity	exhibited	
consistent	patterns	at	two	scales,	whereby	turnover	components	
were	relatively	higher	than	nestedness	components	 (i.e.,	 relative	
proportions > 0.50;	Figure 3),	indicating	that	turnover	components	
dominated	 beta-	diversity	 for	 all	 three	 dimensions	 in	 subtropical	
forests.	Notably,	for	nestedness	components	on	functional	dimen-
sion,	 their	 relative	 contributions	 to	 beta-	diversity	 were	 slightly	
lower	than	those	of	turnover	at	local	and	regional	scales	(0.44	and	
0.37,	respectively;	Figure 3).

The	dbRDA	analyses	show	that	explanations	of	forest	structure	
for	patterns	of	beta-	diversity	and	its	components	at	the	local	scale	
were	higher	than	those	at	the	regional	scale,	especially	for	the	phylo-
genetic	dimension	(Figure 4).	Specifically,	for	the	taxonomic	dimen-
sion,	 the	explanatory	strength	of	 forest	structure	 for	 the	patterns	
of	 beta-	diversity	 and	 its	 components	 was	 approximately	 0.20	 at	
both	scales	(Figure 4).	For	the	functional	dimension,	however,	forest	
structure	only	weakly	explained	all	components	except	for	nested-
ness at the local scale (Figure 4).

Variation	partitioning	based	on	dbRDA	 results	 indicated	 that	
the	pure	and	 joint	 fractions	of	 forest	 structure,	 topography,	and	
spatial	 structure	 were	 distinct	 in	 each	 dimension	 component	 at	
local and regional scales (Figure 5).	Generally,	the	explained	frac-
tion	 of	 each	 component	was	 higher	 at	 the	 local	 scale	 compared	
to	 the	 regional	 scale.	 At	 the	 local	 scale,	 pure	 spatial	 structure	
(Spa	 fraction)	 had	 some	 explanatory	 effect	 on	 the	 components,	
especially	 for	 the	 taxonomic	 dimension.	Meanwhile,	 spatial	 for-
est	 structure	 (FS∩Spa	 fraction),	 as	 well	 as	 topographic	 spatial	
structure	 (Topo∩Spa	 fraction),	 explained	 several	 components,	
especially	for	taxonomic	and	phylogenetic	dimensions	(Figure 5).	
At	 the	 regional	 scale,	by	contrast,	 for	 the	 total	beta-	diversity	of	
taxonomic	and	functional	dimensions,	the	proportion	of	pure	to-
pography	(Topo	fraction)	was	the	highest	among	all	the	fractions;	
for	 the	 nestedness	 of	 taxonomic	 and	 phylogenetic	 dimensions,	
only	pure	 forest	 structure	 (FS	 fraction)	 had	an	explanatory	 role,	
approximately	22%	(Figure 5).

4  |  DISCUSSION

4.1  |  Turnover and nestedness in taxonomic, 
functional, and phylogenetic beta- diversity

Our results suggest that turnover (i.e., changes in species identities 
and	 functional	 and	phylogenetic	attributes	between	sites)	were	 in	
our	subtropical	forests	generally	more	common	than	loss	or	gain	of	
species	and	their	 functional	and	phylogenetic	attributes	 (i.e.,	nest-
edness).	 This	 pattern	 was	 similar	 for	 the	 local	 and	 regional	 scale.	

F I G U R E  2 Triangular	plots	of	the	
distribution	of	turnover,	nestedness,	and	
similarity	for	taxonomic,	functional,	and	
phylogenetic	pairwise	beta-	diversity	
at local and regional scales. Each point 
(with	the	same	color)	represents	a	pair	
of	sites.	Its	position	is	determined	by	the	
values	from	the	similarity	(1—	dissimilarity),	
turnover,	and	nestedness	of	the	
corresponding	dimensions.	For	each	
dimension,	the	line	in	the	plots	is	the	
centroid value. The separate triangular 
plots	for	each	dimension	of	beta-	diversity	
are	shown	in	Figure	A3.
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    |  7 of 15YAO et al.

Our	 analysis	 yielded	 similar	 results	 to	 numerous	 previous	 studies	
carried	 out	 on	many	 different	 ecosystem	 types	 and	 taxa	 (Branco	
et al., 2020;	Viana	et	al.,	2016;	Wang	et	al.,	2018; Zhao et al., 2021).	
A	meta-	analysis	of	turnover-	nestedness	decomposition	across	taxa	
and	ecosystems	shows	that	turnover	component	is	consistently	the	
greater	part	of	total	beta-	diversity	(Soininen	et	al.,	2018).	We	pro-
vide	 further	 evidence	 for	 this	 conclusion	 from	 a	multidimensional	
perspective.	However,	one	notable	result	was	about	functional	di-
mension	at	 two	 scales,	 in	which	 the	proportions	of	nestedness	 to	
total	beta-	diversity	were	higher	than	other	dimensions,	although	still	
smaller	 than	 turnover	 (Figure 3).	 This	means	 that	 functional	 nest-
edness	in	our	study	was	also	important	in	functional	beta-	diversity.	
Other	 studies	 have	 also	 reported	 similar	 conclusions	 (e.g.,	 Branco	
et al., 2020; Zhao et al., 2021).

We	 found	 higher	 similarity	 and	 lower	 turnover	 in	 taxonomic	
dimension	 at	 the	 local	 scale	 compared	 with	 the	 regional	 scale.	
This	 shows	a	 scale-	dependent	effect	on	 the	pattern	of	 taxonomic	
total	 beta-	diversity,	which	 is	 a	 generally	 accepted	 pattern	 (Condit	
et al., 2002;	Nekola	&	McGill,	2014;	Soininen	et	al.,	2007; Figure 2).	
Probably	due	to	spatial	limitations	in	our	study,	we	failed	to	detect	
scale-	dependent	 effects	 on	 patterns	 of	 functional	 and	 phyloge-
netic	dimensions.	A	systematic	assessment	of	the	spatial	scaling	of	

beta-	diversity	by	Antão	et	al.	 (2019)	noted	that	the	turnover	com-
ponent,	a	major	part	of	beta-	diversity,	was	closely	in	line	with	total	
beta-	diversity	patterns,	yet	the	nestedness	component	was	mainly	
insensitive	 to	 scale	 changes.	However,	 the	multiple-	scale	patterns	
of	 functional	 and	phylogenetic	 beta-	diversity	 and	 their	 respective	
components	 remain	 still	 unclear,	 so	 the	 underlying	 scale	 effects	
need	to	be	investigated	further.

4.2  |  Drivers of taxonomic, functional, and 
phylogenetic beta- diversity

In	 this	 study,	 we	 investigated	 the	 effects	 of	 topography,	 forest	
structure,	 and	 spatial	 structure	 on	 patterns	 of	 multidimensional	
beta-	diversity	 and	 its	 components	 in	 the	 same	 subtropical	 forest	
ecosystem	but	at	varying	scales.	Environmental	factors	(i.e.,	topog-
raphy	and	forest	structure)	tended	to	display	stronger	spatial	auto-
correlation	at	 the	 local	scale,	which	may	be	due	to	our	1-	ha	study	
plots	being	 continuous	 at	 the	 community	 level.	At	 the	 local	 scale,	
pure	spatial	structure	and	its	joint	effects	with	topography	and	for-
est	structure	were	the	main	factors	driving	all	beta-	diversity	facets	
and	 their	 respective	 components.	 Conversely,	 the	 contribution	 of	

F I G U R E  3 Relative	contributions	of	
turnover	and	nestedness	components	
to	total	taxonomic,	functional,	and	
phylogenetic	beta-	diversity	at	local	and	
regional scales.
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spatial	structure	was	relatively	low	at	the	regional	scale	(except	for	
the	 functional	 dimension	 and	 βphysim),	 while	 pure	 topography	 and	
pure	forest	structure	became	important	explanatory	variables.	Our	
comparative	 analysis	 at	 distinct	 scales	 in	 the	 same	 ecosystem	 of-
fers	a	broader	view	of	the	drivers	of	multidimensional	beta-	diversity	
and	its	component	patterns,	as	well	as	their	scale	effects.	Moreover,	
beta-	diversity	partitioning	helps	us	to	better	understand	the	mecha-
nisms	that	drive	the	observed	beta-	diversity	patterns,	and	as	our	re-
sults	illustrate,	different	drivers	may	act	on	the	different	component,	
which	in	turn	affects	total	beta-	diversity.

Many	previous	studies	of	plant	community	compositional	vari-
ation	have	focused	mainly	on	determining	the	relative	contribution	
of	 environmental	 factors	 (i.e.,	 environmental	 filtering)	 and	 pure	
spatial	structure	(i.e.,	dispersal	 limitation	or	neutral	processes)	 in	
explaining	beta-	diversity	patterns	(e.g.,	Baldeck	et	al.,	2016; Leg-
endre et al., 2009).	Here,	we	found	that	with	the	exception	of	some	
components	 (βfunnes at the regional scale; βsim and βfunsim at the 
local	scale),	environmental	conditions	(i.e.,	topography	and	forest	
structure)	 contribute	 more	 to	 beta-	diversity	 patterns	 than	 pure	
spatial	variation.	This	 implies	that	environmental	filtering	plays	a	
critical	role	in	determining	the	different	facets	of	beta-	diversity	of	
subtropical	 forests	 in	Ailaoshan,	which	shows	a	 rugged	topogra-
phy.	Several	studies	have	been	reported	on	drivers	of	multifaceted	
beta-	diversity	 patterns	 in	 subtropical	 forest	 communities.	 For	

taxonomic	dimension,	our	 findings	are	 consistent	with	Legendre	
et al. (2009)	in	subtropical	forests	and	Baldeck	et	al.	(2016)	in	trop-
ical	forests.	Notably,	for	some	components	(βfunnes at the regional 
scale; βsim and βfunsim	at	the	local	scale),	the	pure	spatial	structure	
had	more	 explanatory	 power	 than	 environmental	 variables.	 This	
suggests	that	for	these	components,	neutral	processes	play	an	im-
portant	role	 in	shaping	patterns.	Considering	that	our	study	was	
conducted	on	tree	species	of	≥10 cm	DBH	and	that	the	distribu-
tion	 patterns	 of	 small-	diameter	 species	 are	more	 subject	 to	 dis-
persal	 limitation	 (Asefa	et	 al.,	 2019),	 the	 relative	 contribution	of	
environmental	filtering	and	neutral	processes	may	turn	out	to	be	
different	for	small-	diameter	species.	Furthermore,	caution	should	
be	 taken	when	 inferring	 processes	 grounded	 on	 variation	 parti-
tioning	 results,	 as	 the	 spatial	 structure	 of	 the	 environment	may	
carry	a	dispersal	process	signal	when	dispersal	spatially	coincides	
with	certain	environmental	variables	(Chang	et	al.,	2013),	and	pure	
spatial	 structure	 contains	 unobserved	 spatially	 structured	 envi-
ronmental	factors	(e.g.,	soil	properties;	Gilbert	&	Bennett,	2010).	
Still,	variation	partitioning	into	environmental	control	and	spatial	
components,	as	well	as	combining	additive	partitioning	of	multidi-
mensional	beta-	diversity,	 is	considered	an	 important	tool	for	an-
alyzing	processes	that	lead	to	compositional	variation	of	pairwise	
communities	(Dray	et	al.,	2012;	López-	Delgado	et	al.,	2020;	Smith	
&	Lundholm,	2010).

F I G U R E  5 Variation	partitioning	results	based	on	dbRDA	showing	variations	in	the	taxonomic,	functional,	and	phylogenetic	beta-	
diversity	and	its	turnover	and	nestedness	components	explained	by	unique	and	joint	effects	of	forest	structure,	topography,	and	spatial	
structure	at	local	and	regional	scales.	Variations	explained	by	the	different	explanatory	variables	are	shown.	The	explained	variation	is	based	
on	adjusted	R2	(%).	Fractions	with	a	“∩”	sign	indicate	joint	contributions	of	two	or	more	variables.	Abbreviations:	FS,	forest	structure;	Spa,	
spatial	structure	(dbMEM	spatial	variables);	Topo,	topography.
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4.3  |  The roles of forest structure in shaping 
beta- diversity

Forest	 structure	 regulates	 the	 configuration	 of	 nutrients	 and	
resources	within	the	forest	canopy,	which	consequently	affects	
species	 distribution	 and	 diversity	 (Helbach	 et	 al.,	 2022; Tang 
&	 Dubayah,	 2017).	 Numerous	 researches	 have	 investigated	
how	 forest	 structure	 drives	 multidimensional	 alpha-	diversity	
patterns.	However,	 its	 role	 in	 beta-	diversity	 and	 its	 two	 com-
plementary	 components	 remains	 to	 be	 investigated	 (Gough	
et al., 2020; Zhang et al., 2022).	Adopting	multidimensional	and	
multiple-	scale	 perspectives,	 we	 used	 integrated	 forest	 struc-
ture	 to	explain	beta-	diversity	and	 its	component	patterns	and	
then	explored	the	drivers	of	these	patterns.	We	found	that	for-
est	structure	plays	a	significant	role	in	shaping	multidimensional	
beta-	diversity	patterns.	Moreover,	the	PCA	results	reveal	that	
forest	structure	is	a	combination	of	light	heterogeneity	(charac-
terized	by	Hsd	and	Hskew)	and	light	availability	 (characterized	
by	 MOCH	 and	 VDR),	 reflecting	 canopy	 light	 environment	 of	
plots	(Figure	A2;	Table	A4).	At	the	local	scale,	forest	structure	
influences	 beta-	diversity	 and	 its	 component	 patterns	 (except	
for	 βfunsim)	mainly	 through	 its	 spatial	 structure	 fraction.	 Inter-
estingly,	 at	 the	 regional	 scale,	 forest	 structure	 drives	 nested-
ness	 patterns	 of	 taxonomic	 and	 phylogenetic	 dimensions	 to	
some	extent.	On	the	one	hand,	the	higher	turnover	among	the	
plots	 may	 result	 from	 rare	 species	 inhabiting	 different	 plots,	
whose	distribution	 is	 less	affected	by	forest	structure.	On	the	
other	 hand,	 the	 dominant	 canopy	 trees	 in	 the	 Ailaoshan	 sub-
tropical	 forests	 primarily	 belong	 to	 three	 families	 (Fagaceae,	
Theaceae,	 and	 Lauraceae),	 resulting	 in	 a	 relatively	 consistent	
abundance	and	lineage	composition	of	dominant	species	across	
plots.	 Therefore,	 the	 relatively	 low	 degree	 of	 taxonomic	 and	
phylogenetic	nestedness	can	be	attributed	to	the	forest	struc-
ture.	 This	 suggests	 that	 light	 environment	 variation	 between	
sites	 influences	 the	 gain	 or	 loss	 of	 community	 composition	
and	phylogenetic	lineages	between	sites,	which	in	turn	shapes	
nestedness	 patterns,	 providing	 new	 insights	 into	 the	 study	 of	
nestedness	 patterns.	 Additionally,	 our	 results	 suggest	 that	 by	
considering	 forest	 structure	as	 a	 light	 environmental	 variable,	
the	 effect	 of	 niche	 processes	 would	 almost	 certainly	 be	 bet-
ter	captured	across	dimensions	and	components.	This	 is	 in	ac-
cordance	 with	 other	 works	 evaluating	 the	 significance	 of	 the	
relevant	variables	of	forest	structure	on	diversity	patterns	(e.g.,	
Hubbell	et	al.,	1999; Zhang et al., 2016, 2022).

Although	 our	 study	 detected	 a	 unique	 effect	 on	 forest	 struc-
ture	 in	 driving	 beta-	diversity	 and	 its	 component	 patterns,	 there	
are	 still	 many	 challenges	 for	 further	 study.	 For	 example,	 various	
aspects	 of	 forest	 structure	 (vertical,	 horizontal,	 external,	 internal)	
likely	have	different	 functions	 in	driving	diversity	patterns	 (Gough	
et al., 2020).	In	future	studies,	it	is	possible	to	develop	indicators	to	
distinguish	these	roles	to	better	understand	mechanisms.	Moreover,	
forest	 structure	measures	need	 to	be	directly	 linked	 to	ecological	
processes,	 such	 as	 asymmetric	 light	 competition	 and	 disturbance	

dynamics	(Cushman	et	al.,	2022; Yi et al., 2022).	It	has	been	shown	
that	the	canopy	structure	(e.g.,	closure	and	gap	fraction)	estimated	
from	airborne	LiDAR	data	 is	 a	practical	 indicator	of	 light	 resource	
availability	(Alexander	et	al.,	2013).	The	rapid	development	of	near-	
ground	remote	sensing	and	fine-	scale	drone	technology	has	enabled	
the	 gathering	 of	 high-	quality	 information	 on	 canopy	 and	 internal	
structure,	 providing	 a	 clearer	 view	 of	 the	 vertical,	 horizontal,	 and	
internal	niche	differentiation	of	the	forest,	greatly	facilitating	biodi-
versity	assessment	and	disturbance	dynamics	detection	(Anderson	
&	Gaston,	2013).	Furthermore,	UAV	LiDAR	technology	coupled	with	
long-	term	monitoring	of	forest	dynamic	plots	will	provide	a	more	ho-
listic	understanding	of	multidimensional	diversity	maintenance	and	
dynamics.

AUTHOR CONTRIBUTIONS
Zhiliang Yao:	Conceptualization	(equal);	data	curation	(equal);	for-
mal	analysis	(lead);	investigation	(equal);	methodology	(lead);	writ-
ing	–		original	draft	(lead);	writing	–		review	and	editing	(equal).	Xin 
Yang:	Conceptualization	 (equal);	 data	 curation	 (equal);	 investiga-
tion	 (equal);	methodology	 (lead);	writing	 –		 original	 draft	 (equal).	
Bin Wang:	 Data	 curation	 (equal);	 investigation	 (equal).	 Xiaona 
Shao:	Data	curation	(equal);	 investigation	(equal).	Handong Wen: 
Data	 curation	 (equal);	 investigation	 (equal).	Yun Deng: Data cu-
ration	 (equal);	 investigation	 (equal);	 resources	 (equal).	 ZhiMing 
Zhang:	 Data	 curation	 (equal);	 investigation	 (equal);	 resources	
(equal).	Min Cao:	Data	curation	 (equal);	 investigation	 (equal);	 re-
sources	 (equal).	Luxiang Lin:	Conceptualization	 (lead);	data	cura-
tion	 (equal);	 funding	 acquisition	 (lead);	 resources	 (equal);	writing	
–		review	and	editing	(lead).

ACKNOWLEDG MENTS
We	thank	all	the	people	who	have	contributed	to	the	establishment	
of	Ailaoshan	20-	ha	forest	dynamics	plot	and	19	1-	ha	forest	dynamics	
plots.	We	thank	all	individuals	who	have	contributed	to	the	measure-
ment	of	 functional	 traits	 and	 the	 collection	of	molecular	 samples.	
Logistical	support	was	provided	by	the	National	Forest	Ecosystem	
Research	Station	at	Ailaoshan,	Yunnan.

FUNDING INFORMATION
This	 study	 was	 supported	 by	 the	 Strategic	 Priority	 Research	
Program	 of	 the	 Chinese	 Academy	 of	 Sciences,	 Grant	 No.	
XDB31000000,	 the	 Joint	 Fund	 of	 the	 National	 Natural	 Science	
Foundation	of	China-	Yunnan	Province	 (U1902203),	 and	Southeast	
Asia	Biodiversity	Research	Institute,	Chinese	Academy	of	Sciences	
(151C53KYSB20200019).

CONFLICT OF INTEREST STATEMENT
The	authors	have	no	competing	interests	to	declare.

DATA AVAIL ABILIT Y S TATEMENT
The	 data	 that	 support	 the	 findings	 of	 this	 study	 are	 available	
from	the	Dryad	Digital	Repository.	DOI:	https://doi.org/10.5061/
dryad.4qrfj	6qgf

 20457758, 2023, 10, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/ece3.10607 by X

ishuangbanna T
ropical B

otanical G
arden, W

iley O
nline L

ibrary on [04/12/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.5061/dryad.4qrfj6qgf
https://doi.org/10.5061/dryad.4qrfj6qgf


10 of 15  |     YAO et al.

ORCID
Zhiliang Yao  https://orcid.org/0000-0002-8627-674X 
Bin Wang  https://orcid.org/0000-0002-3888-859X 
Xiaona Shao  https://orcid.org/0009-0000-9453-3382 
Yun Deng  https://orcid.org/0000-0001-9781-143X 
Zhiming Zhang  https://orcid.org/0000-0002-8037-0559 
Min Cao  https://orcid.org/0000-0002-4497-5841 
Luxiang Lin  https://orcid.org/0000-0003-2727-0871 

R E FE R E N C E S
Alexander,	C.,	Moeslund,	J.	E.,	Bøcher,	P.	K.,	Arge,	L.,	&	Svenning,	J.-	C.	

(2013).	Airborne	laser	scanner	(LiDAR)	proxies	for	understory	light	
conditions. Remote Sensing of Environment, 134,	152–	161.

Ali,	 A.	 (2019).	 Forest	 stand	 structure	 and	 functioning:	Current	 knowl-
edge	and	future	challenges.	Ecological Indicators, 98,	665–	677.

Anderson,	K.,	&	Gaston,	K.	J.	 (2013).	Lightweight	unmanned	aerial	ve-
hicles	will	revolutionize	spatial	ecology.	Frontiers in Ecology and the 
Environment, 11, 138– 146.

Anderson,	M.	 J.,	 Crist,	 T.	 O.,	 Chase,	 J.	M.,	 Vellend,	M.,	 Inouye,	 B.	 D.,	
Freestone,	A.	L.,	Sanders,	N.	J.,	Cornell,	H.	V.,	Comita,	L.	S.,	Davies,	
K.	F.,	Harrison,	S.	P.,	Kraft,	N.	J.	B.,	Stegen,	J.	C.,	&	Swenson,	N.	G.	
(2011).	Navigating	the	multiple	meanings	of	β	diversity:	A	roadmap	
for	the	practicing	ecologist.	Ecology Letters, 14,	19–	28.

Antão,	L.	H.,	McGill,	B.,	Magurran,	A.	E.,	Soares,	A.	M.	V.	M.,	&	Dornelas,	
M.	 (2019).	β-	Diversity	scaling	patterns	are	consistent	across	met-
rics and taxa. Ecography, 42, 1012– 1023.

Aponte,	C.,	Kasel,	S.,	&	Bennett,	L.	T.	(2020).	Structural	diversity	under-
pins	carbon	storage	in	Australian	temperate	forests.	Global Ecology 
and Biogeography, 29,	789–	802.

Asefa,	M.,	Brown,	C.,	Cao,	M.,	Zhang,	G.,	Ci,	X.,	Sha,	L.,	Li,	J.,	Lin,	L.,	&	
Yang,	J.	 (2019).	Contrasting	effects	of	space	and	environment	on	
functional	and	phylogenetic	dissimilarity	in	a	tropical	forest.	Journal 
of Plant Ecology, 12, 314– 326.

Baldeck,	C.	A.,	Tupayachi,	R.,	Sinca,	F.,	Jaramillo,	N.,	&	Asner,	G.	P.	(2016).	
Environmental	 drivers	 of	 tree	 community	 turnover	 in	 western	
Amazonian	forests.	Ecography, 39,	1089–	1099.

Baselga,	A.	(2010).	Partitioning	the	turnover	and	nestedness	components	
of	beta	diversity.	Global Ecology and Biogeography, 19, 134– 143.

Baselga,	A.	(2013).	Separating	the	two	components	of	abundance-	based	
dissimilarity:	Balanced	changes	in	abundance	vs.	abundance	gradi-
ents. Methods in Ecology and Evolution, 4,	552–	557.

Baselga,	A.,	Orme,	D.,	Villeger,	 S.,	De	Bortoli,	 J.,	 Leprieur,	F.,	&	Logez,	
M.	(2022).	Betapart: Partitioning beta diversity into turnover and nest-
edness components.	R	package	version	1.5.6.	https://CRAN.R-	proje	
ct.org/packa ge=betapart

Benavides,	R.,	Scherer-	Lorenzen,	M.,	&	Valladares,	F.	 (2019).	The	func-
tional	trait	space	of	tree	species	is	influenced	by	the	species	rich-
ness	of	the	canopy	and	the	type	of	forest.	Oikos, 128,	1435–	1445.

Blanchet,	F.	G.,	Legendre,	P.,	&	Borcard,	D.	(2008).	Forward	selection	of	
explanatory	variables.	Ecology, 89, 2623– 2632.

Borcard,	 D.,	 Legendre,	 P.,	 Avois-	Jacquet,	 C.,	 &	 Tuomisto,	 H.	 (2004).	
Dissecting	 the	 spatial	 structure	 of	 ecological	 data	 at	 multiple	
scales. Ecology, 85, 1826– 1832.

Bouckaert,	R.,	Vaughan,	T.	G.,	Barido-	Sottani,	J.,	Duchêne,	S.,	Fourment,	
M.,	Gavryushkina,	A.,	Heled,	J.,	Jones,	G.,	Kühnert,	D.,	De	Maio,	N.,	
Matschiner,	M.,	Mendes,	F.	K.,	Müller,	N.	F.,	Ogilvie,	H.	A.,	du	Plessis,	
L.,	Popinga,	A.,	Rambaut,	A.,	Rasmussen,	D.,	Siveroni,	I.,	…	Drummond,	
A.	J.	(2019).	BEAST	2.5:	An	advanced	software	platform	for	Bayesian	
evolutionary	analysis.	PLoS Computational Biology, 15,	e1006650.

Branco,	C.	C.	Z.,	Bispo,	P.	C.,	Peres,	C.	K.,	Tonetto,	A.	F.,	Krupek,	R.	A.,	
Barfield,	M.,	&	Holt,	 R.	D.	 (2020).	 Partitioning	multiple	 facets	 of	
beta	 diversity	 in	 a	 tropical	 stream	 macroalgal	 metacommunity.	
Journal of Biogeography, 47,	1765–	1780.

Cadotte,	M.	W.,	Carboni,	M.,	Si,	X.,	&	Tatsumi,	S.	 (2019).	Do	traits	and	
phylogeny	 support	 congruent	 community	 diversity	 patterns	 and	
assembly	inferences?	Journal of Ecology, 107,	2065–	2077.

Chang,	L.-	W.,	Zelený,	D.,	Li,	C.-	F.,	Chiu,	S.-	T.,	&	Hsieh,	C.-	F.	(2013).	Better	
environmental	 data	 may	 reverse	 conclusions	 about	 niche-	and	
dispersal-	based	 processes	 in	 community	 assembly.	 Ecology, 94, 
2145–	2151.

Chase,	 J.	 M.,	 &	 Myers,	 J.	 A.	 (2011).	 Disentangling	 the	 importance	
of	 ecological	 niches	 from	 stochastic	 processes	 across	 scales.	
Philosophical Transactions of the Royal Society of London B, 366, 
2351–	2363.

Chu,	C.,	Lutz,	J.	A.,	Kral,	K.,	Vrska,	T.,	Yin,	X.,	Myers,	J.	A.,	Abiem,	I.,	Alonso,	
A.,	Bourg,	N.,	Burslem,	D.,	Cao,	M.,	Chapman,	H.,	Condit,	R.,	Fang,	S.,	
Fischer,	G.	A.,	Gao,	L.,	Hao,	Z.,	Hau,	B.	C.	H.,	He,	Q.,	…	He,	F.	(2019).	
Direct	and	indirect	effects	of	climate	on	richness	drive	the	latitudinal	
diversity	gradient	in	forest	trees.	Ecology Letters, 22,	245–	255.

Condit,	R.	 (1998).	Tropical Forest census plots: Methods and results from 
Barro Colorado Island, Panama and a comparison with other plots. 
Springer.

Condit,	R.,	Pitman,	N.,	Leigh,	E.	G.,	Jr.,	Chave,	J.,	Terborgh,	J.,	Foster,	R.	B.,	
Núñez,	V.	P.,	Aguilar,	S.,	Valencia,	R.,	Villa,	G.,	Muller-	Landau,	H.	C.,	
Losos,	E.,	&	Hubbell,	S.	P.	(2002).	Beta-	diversity	in	tropical	Forest	
trees. Science, 295,	666–	669.

Cushman,	K.	C.,	Detto,	M.,	García,	M.,	&	Muller-	Landau,	H.	C.	 (2022).	
Soils	and	topography	control	natural	disturbance	rates	and	thereby	
forest	structure	in	a	lowland	tropical	landscape.	Ecology Letters, 25, 
1126– 1138.

Dray,	S.,	Bauman,	D.,	Blanchet,	G.,	Borcard,	D.,	Clappe,	S.,	Guénard,	G.,	
Jombart,	T.,	Larocque,	G.,	Legendre,	P.,	Madi,	N.,	&	Wagner,	H.	H.	
(2022).	Adespatial: Multivariate multiscale spatial analysis. R Package 
Version	0.3.18.	https://CRAN.R-	proje	ct.org/packa	ge=adesp atial

Dray,	S.,	Pélissier,	R.,	Couteron,	P.,	Fortin,	M.	J.,	Legendre,	P.,	Peres-	Neto,	
P.	R.,	Bellier,	E.,	Bivand,	R.,	Blanchet,	F.	G.,	De	Cáceres,	M.,	Dufour,	A.	
B.,	Heegaard,	E.,	Jombart,	T.,	Munoz,	F.,	Oksanen,	J.,	Thioulouse,	J.,	&	
Wagner,	H.	H.	(2012).	Community	ecology	in	the	age	of	multivariate	
multiscale	spatial	analysis.	Ecological Monographs, 82,	257–	275.

Evans,	J.	S.,	&	Murphy,	M.	A.	(2021).	SpatialEco.	R	Package	Version	1.3.6.	
https://github.com/jeffr	eyeva	ns/spati	alEco

Fordyce,	 J.	 A.,	 &	 DeVries,	 P.	 J.	 (2016).	 A	 tale	 of	 two	 communities:	
Neotropical	 butterfly	 assemblages	 show	 higher	 beta	 diversity	 in	
the	canopy	compared	to	the	understory.	Oecologia, 181,	235–	243.

Gianuca,	A.	T.,	Declerck,	S.	A.	J.,	Lemmens,	P.,	&	De	Meester,	L.	(2017).	
Effects	 of	 dispersal	 and	 environmental	 heterogeneity	 on	 the	 re-
placement	and	nestedness	components	of	β-	diversity.	Ecology, 98, 
525–	533.

Gianuca,	 A.	 T.,	 Engelen,	 J.,	 Brans,	 K.	 I.,	 Hanashiro,	 F.	 T.	 T.,	 Vanhamel,	
M.,	 van	 den	Berg,	 E.	M.,	 Souffreau,	C.,	&	De	Meester,	 L.	 (2018).	
Taxonomic,	 functional	 and	phylogenetic	metacommunity	ecology	
of	cladoceran	zooplankton	along	urbanization	gradients.	Ecography, 
41,	183–	194.

Gilbert,	B.,	&	Bennett,	 J.	R.	 (2010).	Partitioning	 variation	 in	 ecological	
communities:	Do	the	numbers	add	up?	Journal of Applied Ecology, 
47, 1071– 1082.

Gough,	C.	M.,	Atkins,	J.	W.,	Fahey,	R.	T.,	Hardiman,	B.	S.,	&	LaRue,	E.	A.	
(2020).	Community	and	structural	constraints	on	the	complexity	of	
eastern	north	American	 forests.	Global Ecology and Biogeography, 
29, 2107– 2118.

Greve,	 M.,	 Gremmen,	 N.	 J.	 M.,	 Gaston,	 K.	 J.,	 &	 Chown,	 S.	 L.	 (2005).	
Nestedness	of	Southern	Ocean	 Island	biotas:	Ecological	perspec-
tives	on	a	biogeographical	conundrum.	Journal of Biogeography, 32, 
155–	168.

Helbach,	J.,	Frey,	J.,	Messier,	C.,	Mörsdorf,	M.,	&	Scherer-	Lorenzen,	M.	
(2022).	Light	heterogeneity	affects	understory	plant	species	rich-
ness	 in	 temperate	 forests	 supporting	 the	heterogeneity-	diversity	
hypothesis.	Ecology and Evolution, 12,	e8534.

 20457758, 2023, 10, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/ece3.10607 by X

ishuangbanna T
ropical B

otanical G
arden, W

iley O
nline L

ibrary on [04/12/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://orcid.org/0000-0002-8627-674X
https://orcid.org/0000-0002-8627-674X
https://orcid.org/0000-0002-3888-859X
https://orcid.org/0000-0002-3888-859X
https://orcid.org/0009-0000-9453-3382
https://orcid.org/0009-0000-9453-3382
https://orcid.org/0000-0001-9781-143X
https://orcid.org/0000-0001-9781-143X
https://orcid.org/0000-0002-8037-0559
https://orcid.org/0000-0002-8037-0559
https://orcid.org/0000-0002-4497-5841
https://orcid.org/0000-0002-4497-5841
https://orcid.org/0000-0003-2727-0871
https://orcid.org/0000-0003-2727-0871
https://cran.r-project.org/package=betapart
https://cran.r-project.org/package=betapart
https://cran.r-project.org/package=adespatial
https://github.com/jeffreyevans/spatialEco


    |  11 of 15YAO et al.

Hijmans,	 R.	 J.	 (2022).	 Raster: Geographic data analysis and modeling. 
R	 Package	 Version	 3.5–	21.	 https://CRAN.R-	proje	ct.org/packa	
ge=raster

Hubbell,	 S.	 P.,	 Foster,	 R.	 B.,	 O'Brien,	 S.	 T.,	 Harms,	 K.	 E.,	 Condit,	 R.,	
Wechsler,	B.,	Wright,	S.	J.,	&	de	Lao,	S.	L.	(1999).	Light-	gap	distur-
bances,	 recruitment	 limitation,	and	tree	diversity	 in	a	neotropical	
Forest.	Science, 283,	554–	557.

Jucker,	 T.,	 Hardwick,	 S.	 R.,	 Both,	 S.,	 Elias,	 D.	 M.	 O.,	 Ewers,	 R.	 M.,	
Milodowski,	D.	T.,	 Swinfield,	 T.,	&	Coomes,	D.	A.	 (2018).	Canopy	
structure	 and	 topography	 jointly	 constrain	 the	 microclimate	 of	
human-	modified	 tropical	 landscapes.	 Global Change Biology, 24, 
5243–	5258.

Katabuchi,	M.	 (2015).	 LeafArea:	 An	 R	 package	 for	 rapid	 digital	 image	
analysis	of	leaf	area.	Ecological Research, 30, 1073– 1077.

Katoh,	K.,	&	 Standley,	D.	M.	 (2013).	MAFFT:	Multiple	 sequence	 align-
ment	software	version	7:	Improvements	in	performance	and	usabil-
ity.	Molecular Biology and Evolution, 30, 772– 780.

Kraft,	N.	J.	B.,	Valencia,	R.,	&	Ackerly,	D.	D.	(2008).	Functional	traits	and	
niche-	based	 tree	 community	 assembly	 in	 an	 Amazonian	 Forest.	
Science, 322,	580–	582.

Legendre,	P.	(2014).	Interpreting	the	replacement	and	richness	difference	
components	of	beta	diversity.	Global Ecology and Biogeography, 23, 
1324– 1334.

Legendre,	P.,	&	Anderson,	M.	J.	(1999).	Distance-	based	redundancy	anal-
ysis:	Testing	multispecies	responses	in	multifactorial	ecological	ex-
periments.	Ecological Monographs, 69, 1– 24.

Legendre,	P.,	Mi,	X.,	Ren,	H.,	Ma,	K.,	Yu,	M.,	Sun,	I.-	F.,	&	He,	F.	L.	(2009).	
Partitioning	beta	diversity	 in	a	subtropical	broad-	leaved	forest	of	
China. Ecology, 90, 663– 674.

Leprieur,	 F.,	Albouy,	C.,	De	Bortoli,	 J.,	Cowman,	P.	 F.,	Bellwood,	D.	R.,	
&	 Mouillot,	 D.	 (2012).	 Quantifying	 phylogenetic	 beta	 diversity:	
Distinguishing	 between	 'true'	 turnover	 of	 lineages	 and	 phyloge-
netic	diversity	gradients.	PLoS One, 7, e42760.

Leprieur,	 F.,	 Tedesco,	 P.	 A.,	 Hugueny,	 B.,	 Beauchard,	 O.,	 Durr,	 H.	 H.,	
Brosse,	 S.,	&	Oberdorff,	 T.	 (2011).	Partitioning	global	patterns	of	
freshwater	fish	beta	diversity	reveals	contrasting	signatures	of	past	
climate	changes.	Ecology Letters, 14,	325–	334.

López-	Delgado,	E.	O.,	Winemiller,	K.	O.,	&	Villa-	Navarro,	F.	A.	(2020).	Local	
environmental	 factors	 influence	 beta-	diversity	 patterns	 of	 tropical	
fish	assemblages	more	than	spatial	factors.	Ecology, 101,	e02940.

Lu,	L.	M.,	Mao,	L.	F.,	Yang,	T.,	Ye,	J.	F.,	Liu,	B.,	Li,	H.	L.,	Sun,	M.,	Miller,	J.	
T.,	Mathews,	S.,	Hu,	H.	H.,	Niu,	Y.	T.,	Peng,	D.	X.,	Chen,	Y.	H.,	Smith,	
S.	A.,	Chen,	M.,	Xiang,	K.	L.,	Le,	C.	T.,	Dang,	V.	C.,	Lu,	A.	M.,	…	Chen,	
Z.	D.	(2018).	Evolutionary	history	of	the	angiosperm	flora	of	China.	
Nature, 554, 234– 238.

McArdle,	B.	H.,	&	Anderson,	M.	J.	(2001).	Fitting	multivariate	models	to	
community	data:	A	comment	on	distance-	based	redundancy	analy-
sis. Ecology, 82,	290–	297.

Moura,	M.	R.,	Costa,	H.	C.,	Argôlo,	A.	J.	S.,	&	Jetz,	W.	(2017).	Environmental	
constraints	on	 the	compositional	and	phylogenetic	beta-	diversity	
of	tropical	forest	snake	assemblages.	Journal of Animal Ecology, 86, 
1192–	1204.

Mugnai,	 M.,	 Trindade,	 D.	 P.	 F.,	 Thierry,	 M.,	 Kaushik,	 K.,	 Hrček,	 J.,	 &	
Götzenberger,	L.	(2022).	Environment	and	space	drive	the	commu-
nity	assembly	of	Atlantic	European	grasslands:	Insights	from	multi-
ple	facets.	Journal of Biogeography, 49,	699–	711.

Myers,	J.	A.,	Chase,	J.	M.,	Jiménez,	I.,	Jørgensen,	P.	M.,	Araujo-	Murakami,	
A.,	 Paniagua-	Zambrana,	 N.,	 &	 Seidel,	 R.	 (2013).	 Beta-	diversity	 in	
temperate	 and	 tropical	 forests	 reflects	 dissimilar	 mechanisms	 of	
community	assembly.	Ecology Letters, 16,	151–	157.

Nakamura,	 A.,	 Kitching,	 R.	 L.,	 Cao,	 M.,	 Creedy,	 T.	 J.,	 Fayle,	 T.	 M.,	
Freiberg,	M.,	Hewitt,	C.	N.,	Itioka,	T.,	Koh,	L.	P.,	Ma,	K.,	Malhi,	Y.,	
Mitchell,	A.,	Novotny,	V.,	Ozanne,	C.	M.	P.,	Song,	L.,	Wang,	H.,	&	
Ashton,	L.	A.	 (2017).	Forests	and	 their	 canopies:	Achievements	
and	horizons	in	canopy	science.	Trends in Ecology & Evolution, 32, 
438–	451.

Nascimbene,	J.,	Benesperi,	R.,	Brunialti,	G.,	Catalano,	I.,	Vedove,	M.	D.,	
Grillo,	 M.,	 Isocrono,	 D.,	 Matteucci,	 E.,	 Potenza,	 G.,	 Puntillo,	 D.,	
Puntillo,	M.,	Ravera,	S.,	Rizzi,	G.,	&	Giordani,	P.	(2013).	Patterns	and	
drivers	of	β-	diversity	and	similarity	of	Lobaria pulmonaria	communi-
ties	in	Italian	forests.	Journal of Ecology, 101,	493–	505.

Nekola,	J.	C.,	&	McGill,	B.	J.	(2014).	Scale	dependency	in	the	functional	
form	of	the	distance	decay	relationship.	Ecography, 37,	309–	320.

Oksanen,	 J.,	 Simpson,	 G.	 L.,	 Blanchet,	 F.	 G.,	 Kindt,	 R.,	 Legendre,	 P.,	
Minchin,	P.	R.,	O'Hara,	R.	B.,	Solymos,	P.,	Stevens,	M.	H.	H.,	Szoecs,	
E.,	Wagner,	H.,	Barbour,	M.,	Bedward,	M.,	Bolker,	B.,	Borcard,	D.,	
Carvalho,	G.,	Chirico,	M.,	De	Caceres,	M.,	Durand,	S.,	…	Weedon,	J.	
(2022).	Vegan: Community ecology package.	R	Package	Version	2.6–	
2. https://CRAN.R-	proje	ct.org/packa	ge=vegan

Onoda,	Y.,	Salunga,	J.	B.,	Akutsu,	K.,	Aiba,	S.,	Yahara,	T.,	&	Anten,	N.	P.	
R.	(2014).	Trade-	off	between	light	interception	efficiency	and	light	
use	 efficiency:	 Implications	 for	 species	 coexistence	 in	 one-	sided	
light	competition.	Journal of Ecology, 102,	167–	175.

Peres-	Neto,	P.	R.,	Legendre,	P.,	Dray,	S.,	&	Borcard,	D.	(2006).	Variation	
partitioning	of	species	data	matrices:	Estimation	and	comparsion	of	
fractions.	Ecology, 87,	2614–	2625.

Podani,	 J.,	&	Schmera,	D.	 (2011).	A	new	conceptual	 and	methodologi-
cal	 framework	 for	 exploring	 and	 explaining	 pattern	 in	 presence-	
absence	data.	Oikos, 120,	1625–	1638.

Punchi-	Manage,	R.,	Getzin,	S.,	Wiegand,	T.,	Kanagaraj,	R.,	Gunatilleke,	
C.	V.	S.,	Gunatilleke,	I.	A.	U.	N.,	Wiegand,	K.,	&	Huth,	A.	(2013).	
Effects	of	 topography	on	structuring	 local	 species	assemblages	
in	a	Sri	Lankan	mixed	dipterocarp	forest.	Journal of Ecology, 101, 
149–	160.

R	Core	Team.	 (2022).	R: A language and environment for statistical com-
puting.	R	Foundation	for	Statistical	Computing.	http://www.R-	proje	
ct.org/

Ripma,	L.	A.,	Simpson,	M.	G.,	&	Hasenstab-	Lehman,	K.	(2014).	Geneious!	
Simplified	genome	skimming	methods	for	phylogenetic	systematic	
studies:	 A	 case	 study	 in	Oreocarya	 (Boraginaceae).	Applied Plant 
Science, 2, 1400062.

Roussel,	J.	R.,	Auty,	D.,	Coops,	N.	C.,	Tompalski,	P.,	Goodbody,	T.	R.	H.,	
Sánchez	Meador,	 A.,	 Bourdon,	 J.	 F.,	De	Boissieu,	 F.,	 &	Achim,	A.	
(2020).	LidR:	An	R	package	for	analysis	of	airborne	laser	scanning	
(ALS)	data.	Remote Sensing of Environment, 251, 112061.

Smith,	S.	A.,	&	O'Meara,	B.	C.	(2012).	treePL:	Divergence	time	estimation	
using	penalized	likelihood	for	large	phylogenies.	Bioinformatics, 28, 
2689–	2690.

Smith,	T.	W.,	&	Lundholm,	 J.	 T.	 (2010).	Variation	partitioning	 as	 a	 tool	
to	distinguish	between	niche	and	neutral	processes.	Ecography, 33, 
648–	655.

Soininen,	J.,	Heino,	J.,	&	Wang,	J.	J.	(2018).	A	meta-	analysis	of	nestedness	
and	turnover	components	of	beta	diversity	across	organisms	and	
ecosystems.	Global Ecology and Biogeography, 27,	96–	109.

Soininen,	J.,	McDonald,	R.,	&	Hillebrand,	H.	(2007).	The	distance	decay	of	
similarity	in	ecological	communities.	Ecography, 30, 3– 12.

Stamatakis,	A.	 (2014).	RAxML	version	8:	A	 tool	 for	phylogenetic	 anal-
ysis	 and	 post-	analysis	 of	 large	 phylogenies.	 Bioinformatics, 30, 
1312– 1313.

Svenning,	J.-	C.,	Fløjgaard,	C.,	&	Baselga,	A.	(2011).	Climate,	history	and	
neutrality	as	drivers	of	mammal	beta	diversity	 in	Europe:	Insights	
from	 multiscale	 deconstruction.	 Journal of Animal Ecology, 80, 
393–	402.

Swenson,	N.	G.	 (2013).	The	assembly	of	 tropical	 tree	communities-	the	
advances	 and	 shortcomings	 of	 phylogenetic	 and	 functional	 trait	
analyses.	Ecography, 36, 264– 276.

Tang,	 H.,	 &	Dubayah,	 R.	 (2017).	 Light-	driven	 growth	 in	 Amazon	 ever-
green	 forests	explained	by	seasonal	variations	of	vertical	 canopy	
structure. Proceedings of the National Academy of Sciences of the 
United States of America, 114, 2640– 2644.

Thom,	D.,	Taylor,	A.	R.,	Seidl,	R.,	Thuiller,	W.,	Wang,	J.,	Robideau,	M.,	&	
Keeton,	W.	S.	(2021).	Forest	structure,	not	climate,	is	the	primary	

 20457758, 2023, 10, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/ece3.10607 by X

ishuangbanna T
ropical B

otanical G
arden, W

iley O
nline L

ibrary on [04/12/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://cran.r-project.org/package=raster
https://cran.r-project.org/package=raster
https://cran.r-project.org/package=vegan
http://www.r-project.org/
http://www.r-project.org/


12 of 15  |     YAO et al.

driver	 of	 functional	 diversity	 in	 northeastern	 North	 America.	
Science of the Total Environment, 762, 143070.

Tuomisto,	H.,	Ruokolainen,	K.,	&	Yli-	Halla,	M.	(2003).	Dispersal,	environ-
ment,	and	floristic	variation	of	Western	Amazonian	forests.	Science, 
299, 241– 244.

Ulrich,	W.,	Almeida,	M.,	&	Gotelli,	N.	 J.	 (2009).	A	 consumer's	 guide	 to	
nestedness	analysis.	Oikos, 118, 3– 17.

Viana,	D.	S.,	Figuerola,	J.,	Schwenk,	K.,	Manca,	M.,	Hobæk,	A.,	Mjelde,	
M.,	Preston,	C.	D.,	Gornall,	R.	J.,	Croft,	J.	M.,	King,	R.	A.,	Green,	A.	
J.,	&	Santamaría,	L.	(2016).	Assembly	mechanisms	determining	high	
species	 turnover	 in	aquatic	communities	over	 regional	and	conti-
nental scales. Ecography, 39, 281– 288.

Villéger,	S.,	Grenouillet,	G.,	&	Brosse,	S.	(2013).	Decomposing	functional	
β-	diversity	reveals	that	low	functional	β-	diversity	is	driven	by	low	
functional	 turnover	 in	 European	 fish	 assemblages.	Global Ecology 
and Biogeography, 22, 671– 681.

Villéger,	 S.,	Mason,	N.	W.	H.,	&	Mouillot,	D.	 (2008).	New	multidimen-
sional	functional	diversity	indices	for	a	multifaceted	framework	in	
functional	ecology.	Ecology, 89,	2290–	2301.

Wang,	X.,	Wiegand,	T.,	Anderson-	Teixeira,	K.	 J.,	Bourg,	N.	A.,	Hao,	Z.,	
Howe,	R.,	 Jin,	G.,	Orwig,	D.	A.,	Spasojevic,	M.	 J.,	Wang,	S.,	Wolf,	
A.,	&	Myers,	 J.	A.	 (2018).	Ecological	drivers	of	spatial	community	
dissimilarity,	 species	 replacement	 and	 species	 nestedness	 across	
temperate	forests.	Global Ecology and Biogeography, 27,	581–	592.

Whittaker,	R.	H.	(1960).	Vegetation	of	the	Siskiyou	Mountains,	Oregon	
and	California.	Ecological Monographs, 30,	279–	338.

Yang,	J.,	Swenson,	N.	G.,	Zhang,	G.,	Ci,	X.,	Cao,	M.,	Sha,	L.,	Li,	J.,	Slik,	J.	
W.	 F.,	 &	 Lin,	 L.	 (2015).	 Local-	scale	 partitioning	 of	 functional	 and	
phylogenetic	Beta	diversity	in	a	tropical	tree	assemblage.	Scientific 
Reports, 5, 12731.

Yi,	X.,	Wang,	N.,	Ren,	H.,	Yu,	J.,	Hu,	T.,	Su,	Y.,	Mi,	X.,	Guo,	Q.,	&	Ma,	K.	
(2022).	From	canopy	complementarity	to	asymmetric	competition:	
The	negative	relationship	between	structural	diversity	and	produc-
tivity	during	succession.	Journal of Ecology, 110,	457–	465.

Zellweger,	F.,	Roth,	T.,	Bugmann,	H.,	&	Bollmann,	K.	(2017).	Beta	diversity	
of	plants,	birds	and	butterflies	is	closely	associated	with	climate	and	
habitat	structure.	Global Ecology and Biogeography, 26,	898–	906.

Zhang,	D.,	Gao,	F.,	Jakovlic,	I.,	Zou,	H.,	Zhang,	J.,	Li,	W.	X.,	&	Wang,	G.	T.	
(2020).	PhyloSuite:	An	integrated	and	scalable	desktop	platform	for	
streamlined	molecular	sequence	data	management	and	evolutionary	
phylogenetics	studies.	Molecular Ecology Resources, 20,	348–	355.

Zhang,	J.,	Hu,	J.,	Lian,	J.,	Fan,	Z.,	Ouyang,	X.,	&	Ye,	W.	 (2016).	Seeing	the	
forest	 from	drones:	Testing	 the	potential	of	 lightweight	drones	as	a	
tool	for	long-	term	forest	monitoring.	Biodiversity and Conservation, 198, 
60–	69.

Zhang,	J.,	Zhang,	Z.,	Lutz,	J.	A.,	Chu,	C.,	Hu,	J.,	Shen,	G.,	Li,	B.,	Yang,	Q.,	
Lian,	J.,	Zhang,	M.,	Wang,	X.,	Ye,	W.,	&	He,	F.	(2022).	Drone-	acquired	
data	reveal	the	importance	of	forest	canopy	structure	in	predicting	
tree	diversity.	Forest Ecology and Management, 505,	119945.

Zhao,	X.,	Guo,	Q.,	Su,	Y.,	&	Xue,	B.	(2016).	Improved	progressive	TIN	densi-
fication	filtering	algorithm	for	airborne	LiDAR	data	in	forested	areas.	
ISPRS Journal of Photogrammetry and Remote Sensing, 117,	79–	91.

Zhao,	 Y.,	 Sanders,	N.	 J.,	 Liu,	 J.,	 Jin,	 T.,	 Zhou,	H.,	 Lu,	 R.,	Ding,	 P.,	 &	 Si,	
X.	(2021).	β	diversity	among	ant	communities	on	fragmented	hab-
itat	 islands:	The	 roles	of	 species	 trait,	phylogeny	and	abundance.	
Ecography, 44,	1568–	1578.

How to cite this article: Yao,	Z.,	Yang,	X.,	Wang,	B.,	Shao,	X.,	
Wen,	H.,	Deng,	Y.,	Zhang,	Z.,	Cao,	M.,	&	Lin,	L.	(2023).	
Multidimensional	beta-	diversity	across	local	and	regional	
scales	in	a	Chinese	subtropical	forest:	The	role	of	forest	
structure. Ecology and Evolution, 13, e10607. https://doi.
org/10.1002/ece3.10607

APPENDIX A

TA B L E  A 1 Loadings	of	11	functional	traits	to	the	first	four	PCoA	axes,	and	cumulative	proportion	(in	percentage)	of	the	four	PCoA	axes	
at local and regional scales.

Traits

Local scale Regional scale

PCoA1 PCoA2 PCoA3 PCoA4 PCoA1 PCoA2 PCoA3 PCoA4

leaf	C 0.02 0.65 0.20 0.63 −0.07 −0.25 0.70 0.56

leaf	N 0.78 0.13 −0.23 0.18 0.80 −0.14 0.05 0.28

leaf	P 0.91 −0.10 −0.11 0.20 0.91 0.06 −0.02 0.17

leaf	K 0.65 −0.33 0.12 0.43 0.71 0.27 0.06 0.24

WD −0.23 −0.10 −0.71 0.15 −0.18 −0.35 −0.54 0.37

LA 0.59 0.17 0.49 −0.19 0.22 0.33 0.65 −0.33

LCC −0.34 −0.49 0.16 0.59 −0.09 0.72 0.07 0.34

LT −0.60 −0.27 0.57 0.10 −0.52 0.71 0.10 0.19

SLA 0.90 −0.15 −0.17 −0.14 0.89 −0.17 −0.17 −0.19

LDMC −0.40 0.68 −0.42 0.15 −0.44 −0.73 0.22 0.15

MaxH 0.26 0.57 0.47 −0.06 0.07 −0.30 0.74 −0.14

Variance 3.77 1.73 1.63 1.10 3.34 2.06 1.85 0.96

Cumulative	proportion 34.25 50.00 64.80 74.82 30.38 49.11 65.92 74.69

Abbreviations:	LA,	leaf	area;	LCC,	leaf	chlorophyll	content;	LDMC,	leaf	dry	matter	content;	leaf	C,	leaf	carbon	content;	leaf	K,	leaf	potassium	content;	
leaf	N,	leaf	nitrogen	content;	leaf	P,	leaf	phosphorus	content;	LT,	leaf	thickness;	MaxH,	tree	maximum	height;	SLA,	specific	leaf	area;	WD,	wood	
density.
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TA B L E  A 4 Contributions	(in	percentage)	of	nine	plot-	level	forest	
structural	parameters	to	the	first	principal	component	(PC1)	at	
local	and	regional	scales.	The	abbreviations	of	variables	followed	
Table	A3.

Parameters Local scale PC1 Regional scale PC1

MOCH 16.12 15.65

Hmax 7.90 10.72

Hmedian 16.33 15.91

Hsd 11.04 8.13

Q25 14.27 10.08

Hskew 10.79 8.66

VDR 12.85 10.92

BA 7.76 8.52

DBHcv 2.94 11.41

TA B L E  A 2 Descriptions	of	topographic	variables	in	this	study.

Parameters Abbreviations Descriptions

Mean elevation meanelev Mean	elevation	of	100 m2	quadrats	within	the	plot
Topographic position index TPI Mean	TPI	of	100 m2	quadrats	within	the	plot
Topographic wetness index TWI Mean	TWI	of	100 m2	quadrats	within	the	plot
Solar	radiation	aspect	index Solar_rad Mean	solar	radiation	of	100 m2	quadrats	within	the	plot
Topographic	complexity complexity The	ratio	of	the	surface	area	to	the	projected	area	of	the	plot

TA B L E  A 3 Descriptions	of	forest	structural	parameters	in	this	study.

Parameters Abbreviations Descriptions

Mean	outer	canopy	height MOCH Mean	of	maximum	height	in	1 m2	grid	of	plot
Maximum	canopy	height Hmax Maximum	height	within	the	plot
Median	canopy	height Hmedian Median height within the plot
Height standard deviation Hsd Standard	deviation	of	heights	within	plot
Vertical	distribution	ratio VDR VDR = (Hmax−Hmedian)/Hmax
Height skewness Hskew Skewness	of	heights	within	plot
25%	height	quantile Q25 25%	quantile	of	heights	within	plot
Stand	basal	area BA The	sum	of	stem	basal	area	within	plot
Coefficient	of	variation	of	DBH DBHcv The	coefficient	of	variation	of	tree	DBH	within	plot
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F I G U R E  A 1 Results	of	PCA	of	five	plot-	level	topographic	variables	at	local	(a)	and	regional	(b)	scales.	Numbers	in	parentheses	represent	
the	percentages	of	the	total	variation	accounted	by	the	corresponding	principal	component.	The	abbreviations	of	variables	followed	Table	A2.

F I G U R E  A 2 Results	of	PCA	of	nine	plot-	level	forest	structural	parameters	at	local	(a)	and	regional	(b)	scales.	Numbers	in	parentheses	
represent	the	percentages	of	the	total	variation	accounted	by	the	corresponding	principal	component.	The	abbreviations	of	variables	
followed	Table	A3.
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F I G U R E  A 3 The	separate	triangular	
plots	of	the	distribution	of	turnover,	
nestedness,	and	similarity	for	taxonomic,	
functional,	and	phylogenetic	pairwise	
beta-	diversity	at	local	and	regional	scales.	
Each	point	represents	a	pair	of	sites.	Its	
position	is	determined	by	the	values	from	
the	similarity	(1–		dissimilarity),	turnover,	
and	nestedness	of	the	corresponding	
dimensions.	For	each	dimension,	the	line	
in the plots is the centroid value.

 20457758, 2023, 10, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/ece3.10607 by X

ishuangbanna T
ropical B

otanical G
arden, W

iley O
nline L

ibrary on [04/12/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense


	Multidimensional beta-­diversity across local and regional scales in a Chinese subtropical forest: The role of forest structure
	Abstract
	1|INTRODUCTION
	2|MATERIALS AND METHODS
	2.1|Study area
	2.2|Functional traits and phylogenetic tree
	2.3|Topography, forest structure, and spatial structure
	2.4|Beta-­diversity and turnover-­nestedness decomposition
	2.5|Statistical analyses

	3|RESULTS
	4|DISCUSSION
	4.1|Turnover and nestedness in taxonomic, functional, and phylogenetic beta-­diversity
	4.2|Drivers of taxonomic, functional, and phylogenetic beta-­diversity
	4.3|The roles of forest structure in shaping beta-­diversity

	AUTHOR CONTRIBUTIONS
	ACKNOWLEDGMENTS
	FUNDING INFORMATION
	CONFLICT OF INTEREST STATEMENT
	DATA AVAILABILITY STATEMENT

	REFERENCES


